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To the right is a Power Bl visualization is a snapshot of our overall project goal. Our team =" Using machine learning techniques in R our team wanted to predict when the shredder

was tasked with improving scheduled maintenance efficiency by creating a maintenance ] o would be in production or in downtime. The goal was use that information to predict and
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dashboard. Another key aspect of the project is to identify how to improve production R . forecast the shredder performance and plan maintenance around high production days.
and limit speed losses. The green bar in graph is continuous production throughout the s o | S I B The Models used were classifiers Support vector Machines (SVM), Naive Bayes, and neu-
day. Each red section is downtime where the shredder had to decrease shredding speed re 2 o6 ' ral network. Using oversampling methods and PCA to train our model, we evaluated our
or shut down altogether. As you can see, June 01 had significantly more downtimes than .. 20 june 200 performance using ROC curves as you can see on the right graph. The ROC curve shows
June 02. The ability to predict and reduce the number of unscheduled downtimes will _®Baich Change  #Belt Clearing @Meaintenance ®Non Utilized ®Production ®Speed Loss that SVM had the best performance predicting when the shredder is in production. Rec-
ommendations to build a better model included importing a bigger dataset to train the svm
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