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Sound Credit Union (SCU) 1s one of the largest credit unions in Washington State. SCU
serves 140,000 members at 29 full-service branches and online. As a credit union, any earn-
ings that SCU makes are passed on to its members. As a result, credit unions face high rates
of churn (the rate of attrition or members leaving). This is due to several factors including but
not limited to the number of competitors, members’ ability to substitute products, member-

Descriptive & Diagnostic Analysis
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« During the Descriptive Analytics phase our goal was to explore the data, detect outliers and us and connect with us scanning the barcode!

identify associations between variables using R.
+ Using survey data for SCU, we mapped Net Promoter Score data to primary dataset.

ship restrictions, etc.
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